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1. A Very Gentle Introduction to Large Language Models without the Hype (Mark Riedl, 2023)

https://mark-riedl.medium.com/a-very-gentle-introduction-to-large-language-models-without-the-hype-

5f67941fa59%
2. How Transformers Work: A Detailed Exploration of Transformer Architecture (Josep Ferrer,
2024)

https://www.datacamp.com/tutorial/how-transformers-work

3. Introduction to Large Language Models | Machine Learning (Google, 2024)

https://developers.google.com/machine-learning/resources/intro-1Ims
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What Is a Transformer Model? | NVIDIA Blogs (Rick Merritt, 2022)

https://blogs.nvidia.com/blog/what-is-a-transformer-model/

Understanding the Transformer architecture for neural networks (Jeremy Jordan, 2023)
https://www.jeremyjordan.me/transformer-architecture/

What are Vector Embeddings (& 1, Rajat Tripathi, 2023)
https://www.pinecone.io/learn/vector-embeddings/

Transformer 22! ([& 2, Wikipedia, 2025)
https://zh.wikipedia.org/zh-tw/Transformer%E6%A8%A1%E5%9E%SB
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